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mnist Z2IEEFEEFIR AR

sef forward():

def

def

irputs » tf keras, Input(shape~(28, 28), nase="lmage”)
X = tf. keras.layers.Reshape((28, 28, 1))(inputs)
X = tf.keras.layers. v2D{32, kernel size«(3, 3), activation«"relu”)(x)
x = tf.keras.layers. v2D{64, kernel size«(3, 3), activations"relu”)(x)
x = tf.keras, layers. L ((x)
x » tf. keras. layers. Maxs gi0(pool_size=(2, 2))(x)
X = tf.keras.layers.Oropout(@.25)(x)
x =« tf.keras.layers.Flatten()(x)
outputs = tf. keras.layers.! e(1@)(x)
turn tf. keras. M (inputs=inputs, outpuls=outputs, nase~"snist model”)

loss(labels, predictions):
labels = tf.reshape(labels, [-1])
return tf.reduce_mean(
input_tensor=tf.nn.sparse_softmax_cross_entropy_with_logits(
logits=predictions, labels=labels

optimizer(lr=0.1):
return tf.optimizers.SGD(1r)

def dataset_fn(dataset, mode, _):

dataset = dataset.map(_parse_data)

if mode == Mode.TRAINING:
dataset = dataset.shuffle(buffer_size=1024)
return dataset

4 IRER R

FROM tensorflow
RUN pip install elasticdl
COPY model_zoo /model_zoo

ElasticDL client 32322 f =\l 2k

elasticdl train \
--image_name=elasticdl:ci \
--model_zoo=model_zoo \
--model_def=mnist_functional_api.mnist_functional_api.custom_model \
--training_data=/data/mnist/train \
--num_epochs=1 \
--master_resource_request="cpu=1,memory=4096Mi, ephemeral-storage=1024Mi" \
--worker_resource_request="cpu=1,memory=4096Mi,ephemeral -storage=1024Mi" \
--ps_resource_request="cpu=1,memory=4096Mi,ephemeral -storage=1024Mi" \
--minibatch_size=64 \
--num_ps_pods=1 \
--num_workers=2 \
--job_namestest-train \
--distribution_strategy=ParameterServerStrategy \
--output=model_output
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